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Mid infrared (MIR) spectroscopy of «2e
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Figure 2. Published papers (retrieved from ISI Web of Science; http://thomsonreuters.com/web-of-science /) on mid-infrared spectroscopy
(MIRS) and milk. For 2013, papers published up to October are reported.
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Routine milk sampling
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Calibration & validation
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Methods for increasing accuracy “e*
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For example:

Data thinning (e.qg.,
Grelet et al., 2016)

S\

Reference data
transformation

Definition of outliers
based on residuals
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Predicting cellular 1A traits from MIRS promising

Further research required to:

Improve prediction accuracy
extend to serological IA traits

highlight practicality of MIR-predicted IA traits to dairy
iIndustry
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