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Selection Criteria in Brazilian Beef Cattle
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Breeding Value for Meat Tenderness
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Genomic Analyses
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Quality Control

v Redundant position

v' X, Y and MT Chromosome

v Minor Allele Frequency < 5%

v" Deviation from HWE (p<10-)

d‘“

v" Linkage Disequilibrium > 0.8

575 samples and 2

19,863 SNP




Training and Validation Population
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Bayesian Regression Models

Bayesian Lasso
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Artificial Neural Network

= Successful examples

= Genomic prediction
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, °* Delivery high prediction accuracy * Biological interpretation
| * (Can handle large number of variables * Overfitting
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‘@@  Deep Neural Network Zﬁ:

Input Layer

— Topology

Hidden Layer ]
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» Rho:0.99
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v’ Stopping criterion: 1e-06
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Animal Breeding Framework j@i

GEBV Mating
¢ : Pedigree / Genomic Optimum Contribution

Information Selection
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