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Why this study ?

Biological contribution of Microbiota on Phenotype

How can be use Microbiota in a prediction setting ?.. In pigs




In Particular ...

Weishaar et al., 2020; Christensen et al., 2021
led to prediction of BV (not of phenotypes) using intermediate data

They presented a method for EBV prediction based on 2 successive
mixed model equations:
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What we did



Regular Model
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Weishaar et al., 2021 (alternative to MB):
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= Wam, +en Respecting MB, we are somehow ignoring e,,, because:
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Christensen et al., 2020 (alternative to GMB):
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Results
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Weishaar et al., 2021 GB Model:
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Consideration

2 )
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genetic effect mediated by M!!!!



QUESTIONS to ASK:

enrico.mancin@unidp.it



EXTRA STUFF
FOR THE QUESTION



Genetic Value Prediction
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“whole model”
Different assumption

EBV
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Different “Decomposed model”
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Different assumption
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“whole model”
Different assumption
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Different assumption Decomposed mode(
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Interaction between Gana M

Different assumption
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